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Housekeeping Tips

I < @

Today's Webinar is scheduled for 1 hour

The session will include a webcast and then your questions will be answered live at the end of the presentation

All dial-in participants will be muted to enable the speakers to present without interruption

Questions can be submitted to “All Panelists” via the Q&A option and we will respond at the end of the presentation

The webinar is being recorded and will be available on our INFASupport YouTube channel and Success Portal - where
you can download the slide deck for the presentation. The link to the recording will be emailed as well.

Please take time to complete the post-webinar survey and provide your feedback and suggestions for upcoming topics.
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https://success.informatica.com/explore/tt-webinars.html

Feature Rich Success Portal

do W ©)

Bootstrap trial and Enriched Customer
POC Customers Onboarding
experience
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Product Learning Informatica
Paths and Weekly Concierge
Expert Sessions
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Tailored training and
content
recommendations




More Information

Success Portal Communities & Support Documentation University

https://success.informatica.com https://network.informatica.com https://docs.informatica.com https://www.informatica.com/in/ser
vices-and-training/informatica-
university.html
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Safe Harbor

The information being provided today is for informational

purposes only. The development, release, and timing of any
Informatica product or functionality described today remain
at the sole discretion of Informatica and should not be relied

upon in making a purchasing decision.

Statements made today are based on currently available
information, which is subject to change. Such statements
should not be relied upon as a representation, warranty

or commitment to deliver specific products or functionality

in the future.
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Agenda

- Introduction to MLOps

- Machine Learning Use Cases

- Challenges in ML Model Operationalization
- Informatica’s solution to MLOps

- InfaCore Overview

- Model Serve Platform

- Demo

- Q&A




What Is MLOps?

MLOps

MLOps (Machine Learning Operationalization) enables the operationalization of the end-to-end pipeline that supports the continuous
delivery and continuous integration of ML models in a production environment.[2]
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[1] Magic Quadrant for Data Science and Machine Learning Platforms 2020
[2] ID GO0725627 Use Gartner’s 3-Stage MLOps Framework to Successfully Operationalize Machine Learning Projects
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Machine Learning Use Case




Use Case: ABC Financial Services Corp.

Scenario

ABC Financial Services Corp. is a specialist in loan/mortgage services. They need to validate loan applications for
potential default. This is an extremely slow and complicated process.

Goal

- Use ML to augment the static rules to find out potential loan defaults

- Use the historical loan information to develop/train the ML model which can be used to predict potential default based on
the loan application details

- The prediction of ML model will be available as one of the key metrics that will be used to decide whether to give loan or
not

- This ML model will be used by multiple applications such as:
- Informatica Mapping for batch processing
- Java-based web application
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How Are They Solving This Use Case Today?
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Expert in productionizing and
provide post-production support.
Uses built-in applications for
monitoring and alerting along
with other productivity tools

Monitor and Alerts ' Deploy and Consume
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Challenges Faced at Each Step

+ Sam trains a model which
has low accuracy and
realizes that training data
needs to be cleaned. He
asks Ellen to do so; she
sends cleaned data back
to Sam

- A lot of back and forth
between Sam and Ellen
takes days or weeks and
leads to overall delay
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+ Language Mismatch:
Trained model is in Python,
but consuming applications
are built in Java and
Informatica mappings

* Knowledge Gap: Developers
of the consuming
applications are not skilled
in Python

- Duplication of efforts in data
preparation between
Prepare and Consume step

- Model Drifts

* Machine learning model is

only trained on a sample of
dataset. Finding whether
there are differences in data
attributes between Training
and Serving, which is
leading to incorrect results
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Enterprise Al/ML
Projects Today!



Informatica’s solution to MLOps

Informatica provides end-to-end MLOps solution with the help of InfaCore API platform and Model
Serve.

IDMC

INFA CORE MODEL SERVE
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InfaCore - Overview

An open, extensible ,embeddable framework for democratization of data management for all
developers and all data driven applications.
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xample for Simplified UX using InfaCore for Low code persona

Scenario
Hierarchy processing e e, o

_columns_to_select = []

if columnFilter is None: celumnFilter =

I Iand Code/low Code _all_columns = get_all columns_from_schema(source_schema)
21 details for column_collection in _all_columns:

#
2 # age . N . .
if (len(columnFilter) > @) & (column_collection[e] != columnFilter):
23 # gender
24 # continue

fram pyspark.sql import sparksession ) . .
25  # The function will return the following array:

fron pyspark.doutils inport DButils 26 # [["name"],["address”,"street"],["address"”, town"],["details","age"], [ "details","gender"]] . .

fram pyspark.sgl.functions inport col 27 def get_all_columns_from_schema(source_schema): if len(column_collection) > 1:

from pyspark.sql.types inport StructType 28 branches = [] _columns_to_select.append(col('.".join(column_collection)).alias('_".join(column_collection)))
20 def inner_get(schema, ancestor=None): else:
30 if ancestor is None: ancestor = []

spark = SparkSession.builcer.getorCreate() _columns_to_select.append(col(column_collection[8]))

31 for field in schema.fields:
2 branch_path = ancestor+[field.name]
# declare dumny data to demonstrate how the collapse mechanism works if isi i .
‘ ‘ ‘ ) ) ‘ 33 if isinstance(field.dataType, StructType): return  columns to select
jsonstrirgs = ['{"car":{"color":"red", "model":"jaguar"},"name":"Jo", "address":{"city":"Houston", "state": "Texas", "zip":{"first":1234,"second":4321}}}'] 34 inner_get(field.dataType, branch_path) - -
otherpeopleROD = spark.sparkContext.parallelize(jsonstrings) 35 else:
df = spark.read. json(atherpeopleRoD) 36 branches.append (branch_path) # as above but for individual columns
37
def collapse column(source_df, source_column):
. 38 inner_get(source_schema) - - -
# Recursively iterates over the schema, creating an array of arrays, whereby each item 30 (olumniname = """
# of the master array, is an array of column names 40 return branches if isinstance(source column, Column):
# a1
. o column_name = source_column.name
# For exanple, lets say there are three columns of wnich two are hisrarchical and the following schema/structure 42 # collapse_columns is passed the dataframe schema, which is then passes
b e 43 # to get_all_columns_from_schema. oOn return, it iterates through the array else:
. ’ 44 # of columns in order to build up the select list that will be used column name = source column
address - -
45  # to collapse the hierarchical columns into a single 2d structure
# street -
47 # for example, lets say _all_columns has the following array: [[“name”],[“address”,"street"]] return collapse columns(source_df.schema, column_name)
48  # after iterating through the array, the function response will be
49 # [col("name"), col("address.street").alias("address_street")]

# returns a dataframe that has been collapsed. Input is the dataframe to be collapsed

Sa  dAaf callanca cale iinra crhama  ~alumacil+an—hanal -

def collapse_to_dataframe(source_df):

return source_df.select(collapse_columns(source_df.schema))

- InfaCore API code
Source thruchmeculot Target

>—L @ B e Infacore.parse_hierarchy(input, type_def_sch)
+

Informatica Mapping
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Model Serve




Model Serve

% Key Highlights
- Centralized model registry & management within IDMC
- Framework/Compute Agnostic platform for Operationalizing any model at scale
- One click Elastic Serving of registered ML models
- Monitoring and Alerting of served models.

Benefits
@ - Operationalization of ML Models at Scale
- Ease of Maintenance of ML Lifecycle
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Model Serve Architecture
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Demo




Q&A
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